Journal of Technology Research (JTR)

% o
® Volume 3, Special Issue, (2025), pp 505-514 ISSN 3005-639X {(’ =
X q The 7th Conference of Engineering Sciences and Technology L I

(CEST-2025)

Solving Linear Programming Problems Using the Grey Wolf
Optimizer in R

Jamal B. Oheba

Department of Industrial Engineering, Faculty of Industrial and Technology, Misrata, Libya.
*Corresponding author email: jamaloheba@yahoo.com

Received: 22-09-2025 | Accepted: 18-11-2025 | Available online: 25-12-2025 | DOI:10.26629/jtr.2025.47

ABSTRACT

This paper presents the Grey Wolf Optimizer (GWO), a metaheuristic algorithm inspired by the
leadership hierarchy and cooperative hunting strategies of grey wolves, as an approach for solving linear
programming models. The algorithm was implemented in R language using advanced programming
techniques and the functions available in the MetaheuristicOPT library. Several linear programming
problems were tested, and the proposed algorithm successfully obtained optimal solutions. The
performance of GWO was compared with the classical Simplex method, Genetic Algorithms, and
TORA Software. Results indicate that GWO is efficient and can be used effectively for solving such
problems in operations research applications.

Keywords: Grey Wolf Optimizer (GWO), Linear programming, R language, MetaheuristicOPT library,
Simplex method.
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